‘New Development
Economics’ and the
Challenge to Theory

Apnurr V BANERIEE

New Development Econiomics?

t we take the list of papers cited by

BBM (Bardhan, Basuand Mookherjee,

all in this issue) as representative of
what they call “New Development Eco-
nomics”, what is siriking is how old-
fashioned it alt sounds. The topics, for the
most part, are the familiar ones: education,
health, credit, technology, land, migration.
Even institutions, which sound a bit
more novel, were being discussed and
debated by North and his colicagues more
than 20 years ago. Itis true that agricuiture
is a bit less in Tashion now than it was 25
years ago, and there is, to my taste, a bit
too much about human capital, butrelative
to many other fields (think of macro-
econamics) the picture is one of remark-
able stability,

Intermsofempirical methodology, while
there is heightened emphasis on ruaning
well-identified regressions, the basic
concernwith distinguishing causation from
mere correlation, that it reflects, obviously
goes back a long way. The seemingly
unending debate among development
economists of the 1960s and 1970s about
whether bigger farms were less productive
{the so-called size-productivity debate),
was ultimately a debate about causation —
about whether it was really size that was
doing the damage or something asso-
ciated with size. What has changed
since then is that development economists
have now embraced all the strulegies
that have becn developed in the last
two decades, mostly by labour economists,
for dealing with identification issues —
difference-in-difference, regression
discontinuity designs, randomised experi-
ments, etc - and have access to the kind
of data that is necded o make use of these
techniques.

Inother words. these papers reflect. more
than anything else, the mainstreaming of
empirical work in development econom-
ics. The field, as Mookherjee explicitly
recognises, has matured,
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In Defence of Empirical Method

BBM share a feeling that in'the process
of maturing things have gone a bit awry.
Theirmain complaint, though none of them
quite puls it this way, is that empirical
standards are now unrealistically high, with
the conseguence that the top journals are
now fitled with well-identified but unin-
teresting papers.

Ta some extent this has to be right. To
accept something that obviously does not
meet the standards of the profession be-
cause the subject is interesting, editors
have to exercise judgment, and exercising
judgment is never easy, especially once
you recognise that this will expose you to
the charge of favouring certain people and/

or ideas. There are certainly interesting

papers that shed important light onto ques-
tions we know little about that do not get
published because they do not quite make
it on some methodological imperative,

Would I therefore rather that we had not
come to apoint where development ecano-
mists are at the culling edge of empirical
techniques? Absolutely not! T think the
fact that there is no special pleading for
empirical work using developing country
data 1s the reason why so many of the
brightest and the best among economics
graduate students are coming into the field
now. When I wus a graduate student,
everyone always said that development
economics was very important but no one
actually did it: The problem was thatif you
were a top student you wanted (o be where
pecple appreciate your mastery of every-
thing that was clever and new (I, for
example, did theory, which was very much
in fashion then}, Now it is development
economics that is in fashion.

As far as I am concerned this alone is
enough compensation for the sacrifices
that we have 10 make (e the harsh god of
identification. But I am also convinced
that the denger of unwarranted rejections
is nowhere as serious as the danger of
publishing spurious results. As I have
argued elsewhere, there is no dearth of

ideas in the world of development prac-
titioners today. What is .missing is dis-
crimination: There is no rigorous process
by which bad ideas get dropped and good
ideas are identified and made better.

A World Bank publication from few
years ago! provides an excelient example
of the attitude towards evidence in the
development community outside academia,
The Sourcebookis meant to be a catalogue
of what, according to the bank, are the right
strategies for poverty reduction. These are
also, we presume, strategies into which the
bank is prepared to put its money. It pro-
vides a very long list of recommended
projects, which include: computer kinsks
in villages; celi phones for rent in rural
areas; scholarships targeted toward girls
who go to secondary scheol: schooling
voucher programmes for poor children:
Jjoint forest management programmes:
water users’ groups; citizen report cards
for public services; participatory poverty
assessments; internet access for tiny firms;
fandtitling; legal reform; micro-credit baged
ongroup lending; and many, many, others,

While many of these are surely good ideas,
the book does nottell us how we know that
they work. Indeed, one memorable exam-
ple makes clear that this is not a primary
concern of the authors. The book deseribes
a programme called the Gyandoor pro-
grarnme whichisbased in Madhya Pradesh
in India and provides computer kiosks in
rural aseas, The Sourcebook acknowledges
thatthis projectwas hithard by lack of elec-
tricity and poor connectivity and that “cur-

" rently only afew of the kiosks have proved

io be commercialiy viable”. It then goes
on to say, entirely without irony, “foljow-
ing the success of the initiative.. " (p 80).

The most useful thing a development
economist can do in this environment is
to stand up for hard evidence and to be
demanding about the kind of empirical
work that gets into the better journals.
Regressions published in the top places
have a way of filtering inte policy conver-
sations — the power of stalistics combined
with the imprimatur of a top journal can
be irresistible. A recent example is the
work by Burnside and Dollar on the impact
of aid on growth: In a paper published in
the American Economic Review (2000),2
they showed results suggesting that ail
does help growth but only when it is given
to countries that pursue the “right” poli-
cies. Thisis. of course, also the idea behind
president Bush's Miilennium Challenge
Account (MCA), and while I do not have
any direct evidence of 2 causal connection
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between the two, the Burnside-Doliar work
is frequently cited as a part of case for the
MCA (including by the United States
Congress Research Services). Yet there
are multiple reasons why we (and espe-
cially the editors of the AER} shouid have
been more skeptical of the Burnside and
Dollar results. First, because policies are
not exogenous: They reflect other things
that are right about the country. Second,
ald is not exogenous either - countries
with bad policies that received a lot of aid
may have other problems (for example,
dictatorships that are aligned with the US
tended to get z ot of aid in the old days),
which make it hard to compare them with
othier countries. In any case, a later paper
by Easterly, Levine and Roodman (2003)
showed that the result in the Burnside and
Doliar paper disappears when they update
the data.® But the MCA is here (o stay.?

But how do we know that well-identified
regressions are any better? For one, as
Basu points out, there is the very real risk
of reporting bias: To get published it helps
to have the kind of results that the editors
or referees want. Basu is worried that this
favours papers with unexpected results,
but it could also favour results of a par-
ticular political bent,

lil-identified Regressions

Note, however, that this is potentially
just as true of ill-identified regressions as
it is of well-identified ones, Indeed, the
fact that papers these days are getting
published because they have a clever iden-
tification strategy. something that
Mookherjee and Bardhan deplore, has the
advantage of reducing the emphasis on
results. The main contribution of a number
of the papers that BBM cite as examples of

. new development economics (Acemoglu,

Johmson and Robinson (2001):3 Munshi
(2003):% etc) was to provide credible
evidence for what many others before them
have claimed {“institutions mater™, “social
networks are important”, etc).

That being said. I think there is a widely -

shared feeling that we need to do more
about this problem. In particular, I support
an initlative to selup a websile where every
randomised evaluation has to be registered
before it gets launched, At the time of
registrazion, the principals of the study will
be required to list the outcomes of interest
and their predictions regarding each of
them (just the direction. not the magni-
des), as well as z reusonahble study
completion date. They will then be required
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to report whatever results they have, on or
before the announced date. This would
guarantee that all studies (including the
ones that fail and the ones that have horing
results) get recorded, that the authors cannot
decide ex post to emphasise interesting
outcomes that they never thought of when
they started the work, and that the experi-
ment does not continue until it yields the
desired result. Doing something like this
for non-experimental work would be
harder: While experiments tend to be very
visible, there is no way to know all the
failed regressions that get run — uniess
the authors want to report them. One
thing that might help is to set up a web-
space where people can report their failed
regressions (just a paragraph . . . we ran
this regression in this data set and found
the wrong answer or no answer). and then
editors can require all future published
authors on the same subject to cite these
failed studies. In the end, however, this
remains another point in favour of
randomised experiments over more tradi-
tional empirical exercises,

On the other hand, it is true, as Bardhan
points out, that randomised evaluations
typically give us only the short-term
impact of a particular intervention. How-
ever, the main reason for this is that the
authors of the study want to be able 1o
report some results without having to wait
forever, though in many there is nothing,
in principle, to stop them from continuing
to follow the treatment and control graups
after the first round results have been
reported. For example, consider Miguel-
Kremer's work on deworming cited by
Basu.” In that study, they randomly as-
sigred a programme of giving free dew-
orming medicine to children across a set
of schools in Busia District in Western
Kenya and found that the children in the
schools where the medicine was given
cameoschool much more regularly. While
that paper is published. the study contin-
ues: The goal is to discover whether the
fact that they came to school more often
helps these children in their future life. To
dosothey willneed to follow the children
in both the treatment and eontrol groups
as they grow older. This is possible be-
cause even though the control schools may
now be treated, the children who gradu-
ated from those schools before the medi-
cine was introduced there continue to
be a valid control group for the corre-
sponding cohorts in the reatment schools.

The point is that there is no necessary
confhict between the goals of extending the
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treatment to the control group (aSSuming
itworks) and studying the long-term impact
of the treatment. There are cases where this
will not work — these are programmes
where literally every group will end up
treated once the programme is expanded
— but these are more the exception than
the rule. The bigger constraint, it seems
to me, is the sheer effort that goes into
following people into the future, but if the
stakes are high enough, it will be done.

Among the various concerns raised by
BBM. the two most impartant are what ]
would call the problem of scope and the
prablem of size. The problem of scope
comes from the fact, emphasised by
Bardhan and Mookherjee, that most weli-
identified empirical exercises tend to be
relatively localised: This 1s what makes
it possible to rule out other conflating
factors {the extreme case of this is a
randomised experiment where we delib-
erately restrict the domain in order to have
full contrel over the programme place-
ment). This, they suggest, compromises
the external validity of these results — how
can we draw general lessons from some-
thing so limited?

Basu takes this argument a step further,
The external validity of a piece of empiri-
cal research, however curefully done, he
argues, cannot be entirely derived from
samething internal o that work. To apply
these results, we need to have a theory that
helps us decide whether a particular loca-
tion {inspace, or Basu emphasises, in time)
is sufficiently similar to the location from
where the results came. And in most cases
this theory would not come close 1o meeting
the standards of evidence that develop-
ment economics today aspires 1o, and even
if it did, the problem of external validity
would remain, just shifted back a layer.

Thisisobviously correct, Indeed itseems
0 me to be a version of David Hume's
justly famous demonstration of the lack of
a rational basis for induction, But at this
point Basu makes a curious {eap into what
reads like radicai scepticism, As he puts
it, “Two correcily done empirical results
may have the property that one resonates
with our intuition - we simply feel that if
1t was true in the past it has a reasonable
chance of being true m the future — and
the other does nol. My inclination would
be 10 go along with the intvition (while
admitting thatintuitions often go haywire),”
This seems to imply (by continuity) that
if one empirical conclusion accorded less
well with his intuition than another, but
was somewhat more “correctly done”,

4341



would he still go with the latter? In other
words, he denijes the primacy of empirical
methods over his intuition.

I must confess that 1 do not understand
this position. To take an example, one of
the early randomised experiments in Busia
district of Kenya locked at the effect of
having flipcharts in the classroom on the
performance of children.? Tt found that the
children in the schools that were randonily
chosen to get a flipchart do not do any
better: The study then looks at what it
would have found if it had tried to answer
the same question based on running a
refrospective Cross section regression
using data from other schools in the same
part of Kenya. In other words, they ran &
simple regression of the test scores on
whether the school had flipcharts in this
other sample of schools. They found that
having flipchart raises stedent performance
about 0.2 standard deviations.

Myinclination, faced with this evidence,
istoassume that the experiment gave more
or less the right answer for what would
happen in an average school. I start from
the fact that the experiment was correctly
done: The experimental result i1s therefore
the right conclusion for those particular
schools. The question then is whether this
also the correct result for other schools of
this type in the area, including the ones
in the retrospective study, To believe this,
{ would need to believe: (a) thal the cross
section study is biased; and, () that the
treatment effect does not vary across the
two populations.

Say that Basu, on the other hand, be-
lieves that the retrospective result is the
correct generaliseable prediction because
it fits better with his prior intuition {this
is entirely hypothetical and almost surely
unfair to him, but it helps to set out the
structure of our disagreement). He there-
fore believes that! (&) the retrospective
result is unbiased; and, {b) that the treat-
ment effect is not the same in these (wo
populations,

These two sets of beliefs (his and ming)
are, however, not symmerrical. The fact
that the treatment effect varies in this way
is not something that he has any indepen-
dent reason to believe: The study which
(I assume} summarises everything edther
of us knows about the area, suggests that
the popuiations are in fact quite similar.
Or to put it differenily. the only reason to
suppose that the treatment effect 1s higher
in one of these populations than the other
is that this is what squares with his prior
- this was not something thar he learnt
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from the data generated by the retrospec-
tive study or any other study.

Standard Observation

My suspicion of the results from the
retrospective stedy, on the other hand,
stems from the standard cbservation,
confirmed by any number of studies, that
schools in developing countries that have
more school inputs tend to be schools
where parents are richer and/or care more
about education and hence are schools
where the children would have done better
even without the extra inputs. [ worry that
the fact that children in schools with
flipcharts do better than children in schools
without flipcharts could be partly a result
of this. In other words, T favour the ex-
perimental result mainly becavse Thave an
independent reason to suspect that the
retrospective result is biased upwards.

Moreover, my assumption that the treat-
ment effect is the same in the two popu-
lations, while not justified by any direct
evidence, would seem to be the natural
default assumption in the absence of any
information to the contrary. Itis clearly the
way we are designed to function in the
world — when we meet a new child our
firstinstinctis to treat himvlike ali the other
children we know — though I would not
know whether itis evolution that has made
us so (as Basu would have it), or our own
experience with what is sometimes called
the “uniformity of nature”.

Naone of this, however, tells us exactly
what to do when we expect there to be
systematic differences between the two
poputations. If our only really reliable
evidence was from India but we were
interested in what might happen in Kenya,
it probably does make sense 1o look at the
available {low quality) evidence {rom
East Africa. Moreover, if the two types
of evidence disagree, we might even

decide to put a substantial amount of

weight on the less reliable evidence, if it
turns out that it fits better with our prior
beliefs. Nevertheless, there remains an
essential asymmetry berween the two;
The well-identified regression does give
us the “correct” estimate for at least
one population. while the other may not
be right for anyvone. For this reason. even
if we have many low quality regressions
that say the same thing, there is no
sense in which the high quality evidence
becomes irrelevant — after all, the same
source of bias could be afflicting all
the low gquality results. The evidence
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remains anchored by that one high quality
result,

That beirg said, the only way to build
trust inexperimental and quasi-experimen-
tal results is to replicate them in several
different locations. One of the strengths of
the Miguel-Kremer work on deworming
cited by Basu,? is that it has now been
reproducedin India(the original study was
in Kenya) with very similar results, !0
Moreover, Bleakley (20043, ! using quasi-
experimental methods toestimate the effect
of deworming in the US, South also finds
a structural estimate very similar to what
these two other studies find, The random-
ised evaluation of the Balsakhi remedial
education programme in Indiz was carried
out simultaneously in two different Ioca-
tions {Mumbai and Vadodara) by two
different implementing teams for exactly
this reason, and, reassuringly, found more
or less the same resulls in twe locations. 12
These results suggest that extrapolating
theseresults acrosslarge distances may not
alwaysbeashadasitmight seem, but clearly
many more replications need to happen,

Importance of Size

The problem of size arises because
randomised experiments in particular tend
to be relatively small scale, partly due to
practical and financial constraints, but also
i part because we want the experimental
results before scaling up the programme.
Other careful micro studies are less
constrained, but the need 1o know exactly
what s going on, which underlies good
identification strategies, tends to limit the
scope of these studies as well. Size is
important for two reasons: One, which
applies only to randomised evaluations, is
that small programmes are easy Lo monitor
carefully and therefore are not run like real
programmes. Whilethisisaconcern, many
of the more recent randomised evaluations
are only small relative to nationwide
programmes: The Balsakhi and deworm-
ing studies mentioned above, forexample,
each involved collecting data from tens of
thousands of children and « number of
other recent studies are even bigger.
Moreover there is a lot of emphasis on
making sure that the programmes that get
eviluated are developed encugh o be
modular, in the sense that what gets imple-
mented at every location is described by
asimple and common protocol. This makes
it easier to limit the involvement of the
programme’s sponsors and the evaluators
in the implementation process.
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Size is also an issue because of what are
often misleadingly called general equilib-
riem effects: Educating some more
children in Vadodara or Mumbai is not the
same as raising educational standards in
the country as a whole — presumably if the
number of educated people in the country
goes up enough all sorts of other things
willchange. Wages puid to educated people
will fall; the political clout of educated
peopte will rise; others might see them and
also start demanding more education; etc.

This is a very real problem, though
obviously the import we need (o give it
depends on the question we are asking. If
we are interested in how Lo get children
to come to school, we might be okay in
ignoring the effect of increased enrolment
on wages 15 years hence. since parents
probably do not think that far ahead. On
the other hand, if we wuant to figure out
how much we add ro the future earnings
of these children by making them go o
school, it would be silly 1o not worry about
what would happen o wages. Even the
most committed experimentalist would
want o do something.

Il
The Challenge to Theory

This is where, Mookherjee argues, we
ought to be using more theory. Theory
helps because what we really need is o
make an assumption, and Lheory tells us
what the right assumption would be. For
example, we know from marketequilibrium
theory that the one number we need in
order to assess the effect of the increase
in education on wages i the elasticity of
demand for skitled labour. Armed with
this knowledge, we could go looking for
an estimate of the elasticity and having
found ane (hopefully from an experiment
or @ quasi-experiment), could use it
calcuiate the true benefits from getting
children into school.

Theory can also help us in solving the
problem of scope. The conventional strue-
twral approach, which Mookherjee sup-
ports, involves fitting a mode! with a small
number of unobserved parameters (o the
ubserved programme effects, and then
using this model o make out-cf-sample
predictions. '3 Conceptuaily, given that pi-
rameters of the structural model are esti-
mated using the fact that the programme
effectis different for people with different
observables characteristics, this is nol that
different from a naive approach, where we
allow the programme effect to depend on
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observables, and then extrapolate the
results using what we know aboutthe same
observables in the new population. The
advantage of the structural approach is that

we have atheory to guide us about the kind -

of parametric restrictions we want to place
on the data rather than having to guess at
it. The disadvantage is that the theory may
be wrong. The fallout of the hehavioural
economics revolution in econdmics is that
we are no longer particularly sure of what
the right theory vught to lIook like, espe-
cially inasmuch as decision problems are
cancerned. In particular, we are no longer
secure inthe presumption that utijity func-
tions and cost functions are somehow more
stable and more universal than behavioural
rules. Of course, as Mouokherjee notes, we
could also structurally estimate behaviour
rules, but for that we would need a new
body of theory. In the meanwhile it 1s not
clear that using the existing theory always
dominates simply assuming an ad hoc
empirical specification, but perhaps it is
best lo use the two approaches in tandem,
using one to check on the other.™

The bigger challenge ro theory however
comes froma different divection. The most
important role of theory in development

economics, and indeed in all the rest of

economics as well, is to help us understand
what are the right questions. The formu-
lation of a testable hypothesis is only the
final stage of this process, and one that is
often left for the empirical rescarchers 1o
do, since it often depends on the exact
nature of the data. What is prior to that,
and in some ways, even more lmportant,
is the ability of theory to locate the em-
pirical resules within a broader intellectual
context and make us see why we ought 1o
care, In this sense, & lot of the best em-
pirical work of the last decade or so can
be seen as a response o a body of theory
developed inthe previous decade that made

us really understand the implications of

living in a world where neither markets nor
governments work perfectly.

What 13 unusual about the state of deve-
lopment economics today is not that there is
too little theory, but that theory has lost its
position at the vanguard: New questions
are being asked by empirical researchers,
but, for the most part, they are not coming
from a prior body of worked-out theory.
The mostintriguing resuits from empirical
research today, as [ see it are not the ones

cited by BBM. but results like those of

Bervand-Karfan-Mullainathan-Shalie-
Zinman {2004) (the decision o take a loan
is at least as influenced by whose picture
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isontheoffer letterasitis by large differenceg
in the interest rate),!’ Karlan-Zinman
(2004} (moral hazard in credit markets ig
a problem for men and not women, while
for adverse selection it is the other way
around),'® Duflo-Kremer-Robinson {farm-
erssay thatthey donotbuy fertiliserbecause
they have no money, and do buy fertiliser
if it is brought to them while they have
money in hand, but will not go and buy
it atthe local store), 7 ete. Tris not just that
we donot have atheory within whichthese
resultscanbeinterpreted —itisnoteven clear
how we would begin to build that theory. '8
Indeed, the same goes for some less exotic
results like Michael Kremer’s finding that
teachers teach better when students are
given an incentive to do well (2004),!% but
notwhen teachersthemselves are rewarded
if their students do well (200132

The point is not that these phenomena
are more complex than what we are used
to and therefore need o more sophisticared
theory, The problem is precisely that the
correctexplanation may notbe particularly
interesting or illuminating: Perhaps the
borrowersin Bertrand-Karlan-Mullainathan
Jjust liked rhe picture and responded to it
Maybe the farmers in Duflo-Kremer-
Rebinson had never thaught of the pos-
sibility of going to the store when they had
the money (which is a few weeks before
they need the fertifiser). Could it not simply
be that the students in Kremer’s study are
betier at getting the teacher to do what they
want than the teachers aye in getting
cooperatien from the students?

The challenge is to turn these explana-
tiens into a theory — something that would
have implications for other things that we
care about and pose new questions for
empirical research, | helieve that it can be
done, but to do this we need to give up
irying to defend the existing theory (which
has been incredibly successful in many
ways) against an onslaught of seemingly
random results that are coming out of the
field experiments. In Haavelmo's terms
fus described by Mookherjee in the present
issue) we wre back at stage 1 We are
gathering impressions that would eventu-
ally allow us to build a ser of new theories
that, one day, will defing a “newer” deve-
lopment economics. Bl
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Goldilocks Development

Economics

Tietfﬂoo'Theoredcal,PJotfﬁao]EndphicaL
But Watch Out for the Bears!

Rav: Kansur

n this brief note T would like to set

down some of my thoughts on the

issues raised in this symposium, My
perspective is to see development econom-
ics through the lens of mainstream eco-
nomics. My conclusion is that the balance
between theory and empirics is an Ongoing
process, in economics ne less than in
development economics. No doubt the
pendulum will swing this way and that,
and each swing will bring about its own
correction. The balance will tend to be
restored. But the really big issues for
development economics are also the big
issues for economics as a whole —namely,
those that arise from our adherence (o
methodological individualism in a frame-
work of “rational” choice, and the use of
overly simplistic cconomic analysis in
policy-making. These issues are neither
solely theoretical nor empirical, But they
are fundamental to econemics and thus to
developmenteconomics. Hence the title of
this note. Goldilecks in the bears’ den
found the right bowl of porridge for herself
— not too hot, not we cold, just right.’ She
found the balance on porridge, butslightly
neglected her fundamental predicament.

Theory versus Empirics?

The late David Champernowne, a
British mathematical economist of rare

distinction, was once asked how much
mathemaltics is necessary in SCOROMICS.
“The amount of mathematics [ know”, was
hisanswer.? There wasatime when “math-
ematics”™ was associated with “theory” in
economics. This is no longer the case.
Mathematicai techniques are as used in
thecretical as in empirical economics, the
techniques of mathematical statistics
being prominent in the latter. The ground
has shifted, since significant proficiency
in mathematics and statistics is now the
requirement in the best graduate eco-
nomics degree programmes in the world.
Rather, it would scem, the major divide
is now beiween using these techaiques
in theoretical versus empirical exercises.
“The amount of theory [ do”, might now
be Champernowne’s apocryphal answer
to the analogous question for modern
times.

Ineconomics generally, the last 15 yeam
have seen a major shift away from the
prominence that was accorded to theory
in the preceding decade and a half. One
indicator of this is the Clark medal of the
American Economic Association, awarded
every two years to the most ouistanding
American economist under the age of 40.
Of the last seven awards, only onc was
awarded to a pure theorist.® Of the seven
before these, five were awarded to pure
theorists.* This shift is reflected in the shift
in graduate programmes, and appointments
in top universities.
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